F13E H3W
2008 4F 3 J]

T E E R EIE R

Journal of Image and Graphics

Vol. 13, No.3
Mar. , 2008

—METRHEFFHEN/NERARRERE

—% %E,]) E }/%2) jj?:élﬁjﬁ\l)

D (RS RS (LR PR RE, dbat 100083) D hERERE A LTS AE B RGBSR, JLsat 100080)

 F CAMSHIFT J&— A FI 8 B 5 1B 5 1] #5052 9 A0 5 B B B 056, 3l o 7 ARG BR B 2 Bk . EL7E B AR /D
BT M THEERAR LA RSRE RS R 7 IR RES R R I 7 R ETRER
B 7 WU o TR ) A R T REALARE AR B9 D5 i A FERRAS AN SR T B bR B AT 2 A Y 5 R T
B THREmRE, 4RRIZAREA W,

X CAMSHIFT ZAFRZP ik g BRER

hEES LS TP391. 41 XEkFRIRAD: A X E4HS : 1006-8961 (2008 ) 03-0445-05

A Small Target Tracking Algorithm Based on Monte Carlo Method
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Abstract CAMSHIFT is a color-based tracking algorithm. However, it is always unstable in the case of small objects be-
cause of their limited color information. In this paper, an improved algorithm based on Monte Carlo Method is proposed,
which enhances the robustness of color feature and the tracking stability by producing reasonable Gaussian random samples.

Finally, experiments demonstrate the effectiveness of our method.
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Fig. 1 Comparison between H-S histogram and improved histogram when feature distribution changes
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Fig.2 Results of tracking using the new method
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Fig.3  An improved histogram enhances backprojects and tracking results
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